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[ Abstract | General consensus has been established that radiologists” workload can be reduced and diagnostic
accuracy can be increased dramatically with the rapid development of artificial intelligence and intelligent image
recognition. However, there is no certain answer whether artificial intelligence can provide better suggestion on the
issue of tumor comprehensive diagnosis and treatment. Currently, the artificial intelligence imaging technique is mainly
focused on simple image recognition, but there is a lack of experience in the accumulation of medical data and the
analysis of radiological reports. The mode of artificial intelligence integrating with tumor imaging has just begun.
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